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Maximum scores achieved by the seven DL neural networks on the test data. BTD data.
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Maximum scores achieved by the seven DL neural networks as a function of the
three classes.
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Fig. 10. The average training time of the 8 architectures with 95 % confidence
interval (black lines). Training.
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Table 5

P-value evaluated between the seven different neural networks using the Kruskal-Wallis test. Classification of the three types of tumors.
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